KE21E ITS L URTD L 2023>

ERBEREZEEL-GANI[ZL S
BISRESHIE/ S A —2 OREILE

EREEET R
FACR AR AR A A SR

A, BEICHE SRS IRE T E (RL) ZEHT 280 ME KIBEIN TV D, F5 & RESEIROMALE
FIEEISRE SISV TEB SN & TH D, RL 2 AWV EIGHE SHEICB VN TED X 5 A
VEF 2558 LI F22i3 RS 72 B 722V, ARRFZETIE RL & W 728G AE BRI RRESRIRZ IR A, Z0
PEREZ BFAME L7z, RIEBIRET L ELTRY Yy NETAZHRAL, FETOHEH/ T A —F OREITIT#ET
AR Yy T —2 (GAN) 77 r—F 2R\, ffifaxry hU—27 TOFHEORKE, FHEE BT
A—REFRNCRE LR TYH, —EOFRMETTIEGAN 77 —F 0N H L FEEITMEET 2 Z L ¥bho Tz,

Adaptive signal control using GAN considering route choices

1

Naoki Yoshizawa®  Takamasa Iryo"!

Graduate School of Information Sciences, Tohoku University, Japan*!

Recently, many studies have been proposed to apply reinforcement learning (RL) to adaptive signal control. Although
interactions between signals and route choices should be considered, no studies considered such interaction in adaptive
signal control using RL could be found. We incorporated route choices for an adaptive signal control with RL. We
employed the logit model as a route choice model, and we used the adversarial generative network (GAN) approach for
determining the dispersion parameter during learning. We found that the GAN approach works to a certain extent in a

certain condition without determining the dispersion parameter a priori in training.

Keyword: adaptive signal control, reinforcement learning, adversarial generative network (GAN)
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